58 JaE | sebely =

#wX97-345-6-7

t}s

/g-

% o sfefole] 24

[e]
A&

o] ¥ AU &4 RCE

B
12

= o] &3 A=ldd 5

=

(Range Image Reconstruction Based on
Multiresolution Surface Parameter Estimation)

*

R E

’

Fh 3 5L *

(In Su Chang and Rae-Hong Park)

(@]
p=A

B e el Hi calas
of 2] T3 Age) He HHow

B 4 71y

=)y 754“ AR v 7o) 71E2] ZlgRct AR o]} A%

Bk w3 349 A gebulelE o8]t Aujgat

(=33
ol

W sielele) 44 7)Y
o2 el dame] AHe
A et FrRon AU galyel vag B4 sl
& Aeiod el Bedol HHeh 7F9Ale e YA AEo] WM Azleael R

& AlKich Hw SpelEls) AR 3477
A1} 2ol w8 AR A
olojAlct, Akl chalabe Wl sfeju]

e

8§ olx|e) wEAo] o Holyhe

2GE Ahgol BAT YIS B

Abstract

This paper proposes a muitiresolution surface parameter estimation method for range images. Based

on robust estimation of surface parameters, it approximates a patch to a planar surface in the locally
adaptive window. Selection of resolution is made pixelwise by comparing a locally computed
homogeneity measure with the global threshold determined by the distribution of the approximation
error. The proposed multiresolution surface parameter estimation method is applied to range image
reconstruction. Computer simulation results with noisy range images contaminated by additive
Gaussian noise and impulse noise show that the proposed multiresolution reconstruction method well
preserves step and roof edges compared with the conventional methods. Also the segmentation method
based on the estimated surface parameters is shown to be robust to noise.
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