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ABSTRACT

In this paper, we propose a generating method for the optimal rules for the nonlinear control
system using evolution algorithms and fuzzy controller, With the aid of evolution algorithms optimal
rules of fuzzy logic system can be automatic designed without human expert’s priori experience and
knowledge. and can be intelligent control, The approachpresented here generating rules by self-
tuning the parameters of membership functions and searchs the optimal control rules based on a
fitness value which is the defined performance criterion. Computer simulations demonstrates the

usefulness of the proposed method in non-linear systems.
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