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(Implementation of an Automatic Face
Recognition System using the Object Centroid)
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Abstract

In this paper, we propose an automatic recognition algorithm using the object centroid of a
facial image. First, we separate the facial image from the background image using the chroma-key
technique and we find the centroid of the separated facial image. Second, we search nose in the
facial image based on knowledge of human faces and the coordinate of the object centroid and, we
calculate 17 feature parameters automatically. Finally, we recognize the facial image by using
feature parameters in the neural networks which are trained through Error Backpropagation

algorithm. It is illustrated by experiments using the proposed recognition system that facial images

ERE S

can be recognized in spite of the variation of the size and the position of images.
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Fig. 1. Block diagram of the face recognition.
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