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(A Motion Estimation Algorithm with Low Computational
Cost Using Low-resolution Quantized Image)
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Abstract

In this paper, we propose a motion estimation algorithm using low resolution quantization to
reduce the computation of the full search algorithm. The proposed  algorithm consists of the
low resolution  scarch  which  determines  the  candidate  motion  veetors by comparing  the
low resolution image and  the full resolution scarch which  determines the motion  vector by
comparing  the full resolution  image on the positions of the candidate motion  vectors. The
low resolution image is generated by subtracting each pixel value in the reference block or the
scarch window by the mean of the reference block, and by quantizing it in 2 bit resolution, The
candidate motion vectors are determined by counting the number of pixels in the reference block
whose quantized codes are unmatched to those in the scarch window. Simulation results show that
the required computational cost of the proposed algorithm is reduced to 1412 of the full search

algorithm while its performance degradation is 0.03~0.12 dB3.
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