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Abstract

A multiple target tracking(MTT) probhlem is to track a number of targets in cluttered environment,
where measurements may contain uncertainties of measurement origin due to clutter, missed detection,
or other targets, as well as measurement noise errors. Hence, an MTT filter should be introduced to
resolve this problem. In this paper, a neural network is proposed as an MTT filter. After converting
the uncertainty problem into an energy function, we describe a Hopfield network which has the
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