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An EMG Signals Discrimination Using Hybrid HMM and MLP Classifier for
Prosthetic Arm Control Purpose

Jangwoo Kwon, Seunghong Hong

This paper describes an approach for classifying myoelectric patterns using a multilayer perceptrons
(MLP’s) and hidden Markov models (HMM’s) hybrid classifier.

The dynamic aspects of EMG are important for tasks such as continuous prosthetic control or vari-
ous time length EMG signal recognition, which have not been successfully mastered by the most neural
approaches.

It is known that the hidden Markov model (HMM) is suitable for modeling temporal patterns. In
contrast, the multilayer feedforward networks are suitable for static patterns. And, a lot of investigators
have shown that the HMM’s to be an excellent tool for handling the dynamical problems.

Considering these facts, we suggest the combination of MLP and HMM algorithms that might lead to
further improved EMG recognition systems.
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Fig. 1. Mechanism of the EMG Signal Formation
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Fig. 2. The Primitive Motions
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Table 1. Primitive Motion and Symbol Table
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Table 3. Recognition Rates of Experiment 2 System
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