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Abstract

Over the past few years, a wide variety of techniques have been developed which make a
reliable recognition of speech signal. Multi-layer perceptron(MLP) which has excellent pattern
recognition properties is one of the most versatile networks in the area of speech recognition.
This paper describes an automatic speech recognition system which use both MLP and lexicon.
In this system, the recognition is performed by a network search algorithm which matches
words in lexicon to MLP output scores. We also suggest a recognition algorithm which
incorperate durational information of each phone, whose performance is comparable to that of
conventional continuous HMM(CHMM). Performance of the system is evaluated on the
database of 26 vocabulary size from 9 speakers. The experimental results show that the
proposed algorithm achieves error rate of 7.3% which is 5.3% lower rate than 12.6% of

CHMM.
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