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Abstract

The Bayesion approach to reliability acceptance sampling has several adventages

over the non-Bayesian approach. For instance, the former usually requires less amount

of testing fime and smaller sampie sizes than the latter. In this article, a Bayesian
| acceptance sampling plan{ASP) based on a failure-free period life test is developed

under the assumption of exponential lifetime distribution, and is compared with the

corresponding Boyesian hybrid ASP in terms of the expected completicn time.

than the Bayesian hybrid ASP as the prior assessment of the relicbility of a lot becomes

I opfimistic, and vice versa. Tables of failure-free period Bayesian ASP's are also included.

I

|

It is found that the proposed ASP tends fo have a smaller expected compietion time
|
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Distribution)
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Parameter)
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@u =3
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08 07 05 04
44
40 [10% 1.2500°
36 | 14 18006 | 6 0.6875
32 | 18 23006 | 8 1.3281
28 | 20 27734 | 9 1.7500
24 | 19 30469 | 9 2.1250 | 3 0.5156
1201632578 | 823516 | 3 0.9063
16| 932960 | 625703 | 2 1.1797
12| 231719 | 125313 | 1 14848 | 1 0.3384
08 | 1234688 | 129207 | 1 18672 | 1 0.7969
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40 | 24 27813 | 10 15703
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30 | 25 3.5234 | 11 24219 | 3 0.5938
25 | 17 36875 | 8 26875 | 3 10625
20 | 636875 | 328438 | 2 14375 | 1 0.0078
15| 138516 | 131875 | 1 1.8438 | 1 0.5078 |
10| 143516 | 136875 123438 | 1 1.0078
05| 148516 | 141875 | 128438 | 1 1.5078
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57 | 36 3.2578 | 11 1.7031
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44 | 36 41250 | 13 2.7734 | 3 0.4844 3.2 | 126 4.3438 | 33 2.7500
2.8 | 154 47500 | 40 3.1563 | 7 0.9063
38 | 22 43281 | 9 3.1004 | 2 0.9609
2.4 {166 5.0625 | 43 3.4688 | 8 1.3781
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35 | 246 53125 | 51 3.4688 | 7 0.9375
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. : : 1 2 0.4219
65| 177344 | 158531 | 1 2.3984 20 102 5.7188 | 33 4.3125 | € 21563
151 11 51250 | 641719 | 2 2.4375 | 1 0.8281
10 { 152188 | 14.4375 | 12.8006 | 1 1.3281
05| 157188 149375 | 133006 | 1 1.8281
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X 3. 2I] ERA[ZE HlFE(a*=54=0.1, U=8).

Vig, s
0.8 0.7 05 03
7.8
7.1 32808 5.5244°
5.4 93284 8.5200 1.0188 1.7443
5.7 16.5562 10,0814 3.8467 4.4352
5.0 22.7987 9.6332 6.3645 5.1500
44 22.2371 8.0048 7.4659 4.7020 0.5980 0.7870
38 14.1623 5.4978 5.6090 3.3072 0.8796 0.9264
a2 1.2535 1.2515 0.6214 0.6214 0.5399 0.5399
26 0.5173 0.5173 0.5147 0.5147 0.4912 0.4912 0.1529 0.1528
20 0.3094 0.3994 0.308¢ 0.3989 0.3941 0.3941 | 0.3236 0.3236 i

a: S08 7|2t BEUAFL 7|HEEMZHe,
b : hybrid AZEHEE) J|HERARH,

E 4. 7|df E2AI7! b|mE(a*=8"=0.1, V/g,=3).

f . 0,
0.8 0.7 0.5 0.3
2.0 1.0622 1.9611
3.0 7.8295 5.75‘33 3.0235 3.7754
4.0* 14.0888 7.1192 57266 4.5049 0.7334 0.9434
5.0 10.0263 4.6712 4.2865 3.1991 0.9428 09836
8.0 0.5935 0.5935 (.5874 0.5874 0.5323 0.5323 ;
7.0 0.49080 0.4990 04977 0.4977 0.4831 0.4831 0.1367 0.1367 :
a.0 0.4284 0.4284 0.4282 0.4282 0.4248 0.4248 0.2927 0.2927 :
a.0 0.3750 0.3750 0.3749 0.3749 1 0.3742 0.3742 0.3289 0.3289
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