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On the Development of a Continuous Speech
Recognition System Using Continuous
Hidden Markov Model for Korean Language
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ABSTRACT

In this paper. we report on the development of a speaker independent continuous speech recognition system using
continuous hidden-Markov models, The continuous hidden Markov model consists of mean and covariance matrices
and directly models speech signal parameters, therefore does not have quantization error. Filter bank coefficients
with their st and 2nd-order derivatives are used as feature vectors to represent the dynamic features of speech sig-
nai, We use the segmental K-means algorithm as a training algorithm, and triphone as a recognition unit to alleviate
performance degradation due to coarticulation problems critical in continuous speech recognition. Also, we use the
one-pass search algorithm that is advantageous in speeding-up the recoguition time, Experimental results show that
the system attains the recognition accuracy of 83% without grammar and 94% with finite state networks in

speaker-indepdent speech recognition,
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Fig 1. Architecture of the continuous speech recognition system.
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