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Abstract

This paper deals with fast competitive learning using classified learning rates. The basic

idea of the proposed method is to assign a classified learning rate to each weight vector.
The weight vector associated with an output node is updated using its own learning rate.
Each learning rate is changed only when its corresponding output node wins the
competition. and the learning rates of the losing nodes are not changed. The experimental
results obtained with image vector gquantization show that the proposed method learns

more rapidly and yields better quality than conventional competitive learning.
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