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Abstract

This paper concentrates on models useful for analyzing the error performance of ML
(Maximum Likelihood) estimators of a single unknown signal parameter: that is the error
intensity model. We first develop the point process representation for the estimation error
and the conditional distribution of the estimator as well as the distribution of error
candidate point process. Then the error intensity function is defined as the probability
density of the estimate and the general form of the error intensity function is derived. We
then develop several intensity models depending on the way we choose the candidate error
locations. For each case. we compute the explicit form of the intensity function and
discuss the trade-off among models as well as the extendability to the case of multiple

parameter estimation
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