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ABSTRACT

A methodology based on fuzzy compensative operators to achieve information fusion is proposed.
The proposed scheme may be treated as a neural network in which fuzzy compensative aggregation
functions are used as activation functions. The scheme involves generating degrees of satisfaction
(memberships) of various decision criteria and aggregating the memberships in a hierarchical net-
work. The parameters associated with the aggregation operators are learned through back-propa-
gation training procedures. These training techniques also provide a mechanism for selecting
powerful features via the detection of redundancies. Selected examples about computer vision
problems including classification, segmentation and labelling of color images based on this method
are presented to verify the proposed scheme,
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