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ABSTRACT

In this paper, we propose a speaker-adaptive speech synthesis method using mapped codebooks de-
signed by fuzzy mapping. Competitve learning neural networks is used to design input speaker's codebook
and referer.ce speaker’s codebook., We used fuzzy mapping to design mapped codebooks. Fuzzy mapping
replaces a codevector while preserving its fuzzy membership function, The codevector correspondence
histogram is obtained from accumulating the vector correspondence along the DTW optimal path. Using
each histogram as a weighting function, the mapped codebook is defined as a linear combination of refer-
ence speaker’s vectors,

Speech synthesis is perform as follows:Input speaker’'s speech is fuzzy vector quantization using
mapped codebook, and then FCM arthimetic is used to synthesis input speaker-adaptive speech., The
speaker adaption experiments are carried out using speech of a male in his thirties, speech of a male in his
twenties, and speech of a female in her twenties, as input speaker’s speech, and speech of a other female
in her twenties, as reference speaker’s speech. Speech used in experiments are sentences /anyoung hasim
nika/ and /good morning/. As a results of experiments, we have listened speaker-adaptive speech.
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