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Simplification of Monte Carlo Techniques for the Estimation of Expected
Benefits in Stochastic Ananlysis of Multiple Reservoir Systems
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LEE Kwang Man and KO Seok Ku

Abstract] ] For the system benefit optimization by considering risk or rehability from a multiple reservoir
system using the Monte Carlo technique, many stochastically generated inflow series have to be used for the
system analysis. In this study, the stochastically generated inflow series for the multiple reservoir system opera-
tion are preprocessed according tc the considered system objectives and operating time periods. Through this pro-
cedure, several representative inflow series which have discrete probability levels and operation horizons are se-
lected among the thousands of generated inflows. Then a deterministic optimization technique is applied to the
power energy estimation from the Han River Reservoirs System which considers five reservoirs in this study. It
took much lower computational requirements then using the original Monte Carlo Technique, even though estimat-

ed result was almost similar.
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Fig. 3 Probabilistic Natural Streamflow at Paldang Dam Site
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Fig. 6 Energy Distribution According to the Monte Carlo Technique
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