BEGCEMBES
8% BIR
1993 4R

1

wl o] X k71 el &] 3

Z‘ikl'é_::}* . 0]:‘/] LKk

2 1
AT AFE o=
arog* . Ao Jelgk

Mission Reliability Prediction Using Bayesian ApproachJr

C.H. Jun*, H.J. Yang*, S.Y. Chang* E.S. Jung* and H.R. Lim*

Absiract

A Bayesian approach is proposed in estimat ng the mission failure rates by criticalities. A

mission failure which occurs according to a Poisson process with unknown rate is assumed to be

classified as one of the criticality levels with «no unknown probability. We employ the Gamma

prior for the mission failure rate and the Dirichlet prior for the criticality probabilities. Pos-

terior distributions of the mission failure rate: by criticalities and predictive distributions of

the time to failure are derived.
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