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Abstract

This paper presents the word recognition method using a neural-fuzzy pattern matching, in order
to make a proper speech pattern for a spectrum sequence and to improve a recognition rate, In this
method, a frequency variation is reduced by generating binary spectrum patterns through associat-
ive memory using a neural network, and a time variation is decreased by measuring the simillarity
using a fuzzy pattern matching. For this method using binary spectrum patterns and logic algebraic
operations to measure the simillarity, memory capacity and computation requirements are far less
than those of DTW using a conventional distortion measure. To show the validity of the recognition
performance for this method, word recognition experiments are carried out using 28 DDD city names
and compared with DTW and a fuzzy pattern matching. The results show that our presented
method is more excellent in the recognition performance than the other methods.
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Fig. 1. Procedure for extracting feature para-
meters using linear prediction analysis.
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(c) Peak frequencies and channels,
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Table 2. Recognition rates using DTW
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Table 3. Recognition rates of binary spectrum pat-

tern with peak frequencies and band-

widths.
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SPEAKER ! 2 3
MA 75.0 9L1 83.9
MB 85.7 92.9 73.2
FC 58.9 92.9 82.1
AVG 73.2 92.3 79.7
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Table 4. Recognition rates of binary spectrum pat-
tern with peak frequencies.
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SPEAKER ! 2 :
MA 94.6 96.4 71.4
MB 89.3 92.9 62.5
FC 91.1 92.9 73.2
AVG. 92.3 94.1 69.0
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Table 5. Recognition rates by Neural-Fuzzy pattern matching
(%]
o
CLUSTERS ! 2 3
SPEAKER 4 8 16 4 8 16 4 8 16
MA 100.0 100.0 100.0 100.0 100.0 100.0 98.2 100.0 98.2
MB 100.0 100.0 100.0 100.0 100.0 100.0 98.2 98.2 98.2
FC 100.0 98.2 96.4 100.0 98.2 96.4 98.2 98.2 94.6
AVG, 100.0 99.4 98.8 100.0 99.4 98.8 98.2 98.8 97.0
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Table 6. Comparison of memory capacity, computational requirements, recognition rates for recognition

methods.
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Correction to “Design of Adaptive Regulator
Using the Explicit Criterion Minimization”

Sang Jae Lee

In the above paper!, the following corrections should be incorporated. For Egs. (3), (5), (10),
(12), (13) and (14) and Fig. 1 and 2, reference[1] must be quoted.

I deeply regret to Prof. Sternad that I did not quote his ealier work[1] on adaptive control using
explicit criterion minimization, in the references of the above paper!. The major difference be-
tween the two papers is that a major part of the above paper! is devoted to establishing a useful al-
gorithm for criterion minimization using a recursive prediction error method, proposing a choice of
input penalty, and making a simulation using an independent method even though the above paper!
used the same examples as reference[1]. I had also obtained different regulator performances.
Nevertheless, reference[1] is an original and valuable contribution to the subject and should have
been cited.
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Abstract

This short note is a comment on the following subject:what are the rules for copying results from
the published and unpublished papers of other researchers? When is such a practice allowed, and
when does it constitute a violation of research ethics, a case of plagiarism?

Submitted to the Journal of the Korean Institute of Telemechanics and Electronics.

This note has been written because there is a definite need of discussing some rules of scientifec
conduct. The more these rules become known, the less is the risk for mistakes, embarrasment and
mistrust within the scientific community.

My interest in these matters is partly a result of a mistake, made in a recent paper[4]. In that
paper, the explicit criterion minimization method of adaptive control, suggested by Trulsson and
Liung[5], is generalized to a feedback-feedforward controller structure. A part of that paper closely
follows my own work [1]-[3]. Surprisingly, no references whatsoever were given to [1]-[3].

In a subsequent correspondence with the authors, the following things became clear.

- The first author of [4] admitted that he had made an error in not quoting my results, which he
had in his hands as he was writing his paper. He immediately apologized sincerely for it, and I
accept his apologies. At the time of writing the paper, he seems not to have been quite aware
that he was doing something improper

- The first author was solely responsible for the content of the paper. The names of the other
three authors were added purely out courtesy:They had supplied some basic material for the
paper. The second, third and fourth authors should thus not be held responsible for any errors.

* Systems and Control Group, Department of Technology, Uppsala University, P O Box 27, S-751 03
Uppsala, Sweden.
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