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(A Design of Pattern Recognition Algorithm as a

Collection of Hypercubic Regions)
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Abstract

In this paper, a method of representing the pattern classifier as a collection of hypercubic regions is
proposed. This representation has fellowing advantages over the conventional ones : 1) a simple form
of human knowledge can be used in designing the classifier, 2) the form of the classifier is suit for the
rule-based system, and 3) this can reduce the classification time. A method of synthesis of the classi-
fier under this representation is also proposed and the experimental result shows that the proposed
method is faster than the well-known nearest neighbor classifier.
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L — N 5% : { S=Small number, L=Large number }
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fori=1tomdo
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L+—TNL;
end;
return(L);
end;
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