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A Self Creating and Organizing Neural Network

# 3 —*-ftF A pEr
(Doo-I1 Choi : Sang-Hui Park)

Abstract - The Self Creating and Organizing (SCO) is a new architecture and one of
the unsupervized learning algorithm for the artificial neural network. SCO begins with
only one output node which has a sufficiently wide response range, and the response
ranges of all the nodes decrease with time. Self Creating and Organizing Neural
Network (SCONN) decides automatically whether adapting the weights of existing node
or creating a new node. It is compared to the Kohonen’s Self Organizing Feature Map
(SOFM). The results show that SCONN has lots of advantages over other competitive
learning architecture.
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Box 1 Algorithm for SCONN

Step 1. Initialize Weights of a Primitive Node
Step 2. Present New Input
Step 3. Calculate Distance to All Node(s)
Step 4. Select Winner Node ‘
Step S. Decide whether Winner Node is Active.

If winner node is active, then goto step 6.

If winner node is inactive, then goto step 7.

Step 6. Organizing an Active Winner Node by Adapting Weights

goto Step 2

Step 7. Creat a Son Node from an Inactive Winner (Mother) Nodg
goto Step 2
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