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Abstract

An adaptive hierarchical classifier( AHCL) for Korean character recognition using a neural net
is designed.

This classifier has two neural nets: USACL (Unsupervised Adaptive Classifier ) and SACL
(Supervised Adaptive Classifier). USACL has the input layer and the output layer. The input layer
and the output layer are fully connected. The nodes in the output layer are generated by the
unsupervised and nearest neighbor learning rule during learning. SACL has the input layer, the
hidden layer and the output layer. The input layer and the hidden layer are fully connected, and
the hidden layer and the output layer are partially connected. The nodes in the SACL are generated
by the supervised and nearest neighbor learning rule during learning. USACL has pre-attentive
effect, which perform partial search instead of full search during SACL classification to enhance
processing speed. The input of USACL and SACL is a directional edge feature with a directional
receptive field.

In order to test the performance of the AHCL, various multi-font printed Hangul characters are
used in learning and testing, and its processing speed and classification rate are compared with the
conventional LVQ(Learning Vector Quantizer) which has the nearest neighbor learning rule.
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