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Abstract

The automatic target detection which automatically identifies the location of the target with its
input image is one of the significant subjects of image processing field.

Then, there are some problems that should be solved to detect the target automatically from the
input image. First of all, the ambiguity of the boundary between targets or between a target and
background should be solved and the target should be searched adaptively. In other words, :, the
target should be identified by the relative brightness to the background, not by the absolute
brightness. In this paper, to solve these problems, a new algorithm which can identify the target
automatically is proposed. This algorithm uses the set of fuzzy for solving the ambiguity between
the boundaries, and using the weight according to the brightness of data in the input image, the
target is identified adaptively by the relative brightness to the background. Applying this algorithm
to real images, it is experimentally proved that it is can be effectively applied to the automatic
target detection.
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