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QRS Recognition Using Attribute Grammar Interpreter

Byung chae Lee*, Seung Woo Nam*, Jae Woo Hong**,-Myoung Ho Lee*

This paper presents a QRS recognition algorithm using attribute grarﬁmar and its interpreter. This

system extracts primitive and their attributes by linear approximation technique and then represent-

ed linguistic formation using attribute grammar. These nonterminals and their attributes are evalu-

ated by attribute grammar interpreter. The performance of the QRS recognition algorithm has been

evaluated using arrhythmia simulator and CSE ECG library.
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Fig. 2 Flowchart of algorithm for linear approxima-

tion
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Table 1 The resuits of QRS recognition for CSE database
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