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Abstract

This paper deals with two topics which are vital in fuzzy expert systems; one is
how to build fuzzy knowledge base by fuzzy expertise modeling for representing
knowledge with imprecise characteristic and the other is how to draw an inference

from fuzzy knowledge base using translating rules. The result of this study
provides the basic principle for constructing the fuzzy knowledge base and the

fuzzy inference system.

1. A =

g 3047 BHFE 9 7l e HFLL
Axlo] ghev, 53 A-FA
2t Ao YRE o FE
gttt

57 42e ],D, Tompson 2] 214472
A 4 =ye) uAAF BRE AR BF
o At HF TEALH ez [19] 504
o]z #x] A A Mol Lol AFE & AYE

Ed2 22IRA2 FERYS AH AL
HEFE A sted o428 gy, 23
|4 8j o] Loff 2] AEH =] 4l-& 2] 4 FEAE] 2
s A7 AErLENE HEEdH, 28 A4
L pAR o 2uE 545 sk gtk
[13], '
7129 AT Al Lo ol 7 B EA
o AE x4]& ohFEA g, kA T A
JH oz yatsA o8 4 As A4 ve]
FE 7] sl ARttt st A4 2] WA

* aejri i o 4 HF A AT



32 A2

EXIT S

U AAH Eho A oS AgtEelgek 2#H
RETF Aael 1 75e 2ok AEHoE &
k7] $18iA £ WA 4wk o)k B
el Az Addztals A as) g2 A4
)28} 283 A Auo] A5 7|2 F AR L
W e A2 $E A0 2=
of, &2 A= 2 A= fuzzy AF7F AL
Az old3 $7l2 248 52 7 A8
A ame) g AlaAlFE g

wheta] 2 od el = fuzzy A2 AR
TE5E AT A9 dT2A, fuzzy A7, fuzzy
M A, fuzzy =7 S -2 fuzzy <] =% ¥4
o2 fuzzy x| wol2] 225 9 fuzzy 2
of 3 Yel& AAjstaat gk

PR AR HbRE Feld s obu 7|
fuzzy HAE7F Al=Ro] g A-+rF GkE A
Pl 2Eo 24 2 78 Jy3t fuzzy
ol 2ol T WA N2 o] 22 WA sAhsta
a4 gro,

II. ¥7-2] 71olE
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o &abd A28 o U= AEE oY, of the time

fuzzy predicate \} fuzzy quantifier, 223
fuzzy modifier(likely, almost impossible,
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[generalized modus ponens 3 4] }:
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A 2 Xis A’
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B'c=A’0o Re=A’0o(AXxB),

B's=A’0 Rs=A’0 [AXV =UXB].
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5 generalized modus ponens 34 £ v}eh
22k

AA 1 IfXisAland X2is A2 then Y is
B
AA 2: X1lis Al’ and X2 is A2’

42 Yis B

2]2] generalized modus ponens 38418 HY
73 Ra % Rm, Re, Rs & o] 88t b3 3T
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