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Abstract

In this paper, rule-based stereo algorithm is explored to obtain three dimensional information
of an object.

In the preprocessing of the stereo matching, feature points of stereo images must be less
sensitive to noise and well linked. For this purpose, a new feature points detection algorithm is
developed.

For performing the stereo matching which is most important process of the stereo algorithm, the
feature representation of feature points is first described. The feature representation is then used
for a rule-based stereo algorithm to determine the correspondence between the input stereo images.
Finally, the three dimensional information of the object is determined from the correspondence of

the feature points of right and left images.

) . e e o e 2
SE@R, B B T TURE LA =
(Dept. of Elec. Eng., Hanyang Univ. ) 3319 A ¥ E A7) gt A A e
*EEA, BBAE B Gt AR 2 4o wlo) A~ Ad|d 2 A (area-based stereo
(Dept. of Computer Science & Eng., Hanyang matching) 28 =i S wlo] 2eldle A
Univ. ) (feature-based stereo matching) ¥ o 219 43

P HE D 1989% 8/ 3H e},

(151)



LY
L

1

H2TE B

4
Bl

R

il

18 E¥Isea

19904

152

] F& (TAal)

ZFAlo 23l o3 (window) 2] cross-correlation

of
j =t

shgoll wlallshe dH @A oA QldAEE

Ed

=2}
=

bl e,

=
=

7AAbE.

5‘—1,

s

T A

Abafol o o

por)

12 =%

H

ol
To

~
u&o

ojy

!
=

A FH ool A9 olxe] A|7)7 sba

e} shae A

3
wlr
B

W

&B

wir

Aol gleh,

. 017141 odof

+

ol

i
o}
N

Ak z}el Sobel

o

@ 13 =%

1A

3+ T
e
of %o
k5
E o
ol
WG
X o
T X
o ™
K o
T o
— K
° ™~
olp T
T w
HF
= T
W ]
ol =y
of w
(:C
W w
NoF
v T
T4
)
= )
™ K
—t—
5 0
T oo
N B
£
< 3
o7 i
oy
Ce
<
old o
N
oy
T R
o o
W wlr
N

shaob o % 8staotel o=

Ko

kA

s

bof A 214 7ko] w2 Heh

o

5
haye 12 A

1
Ae ol%

o]

Shrtol wep 2ea]
7} aA LepAe

flag-window @] 3 e) 23]l 2 3}47} of

L
L

5ol

B

wir
ol

wlr

A

Jo

A4 A el

¢

48 o7 s|e]o}

ol

M-

el e A glof) o]

ol SA Aol o

oju
™

|

—
1)

oju

ﬂo
wjr
[
DO

[

"

o
To
J
w3
N
LT
" =
of m
T ol
T W
<
o} L
] &
T W
. do
T o
o| =
o< N
4

of

Liny

wjr

mmuu

_
o

ES 2

Al Qb Fel shiel ul%

—

2]

E,
=

o E
a

23 9 At@en 1o

ke

N

wjr
J

Fow oY
Wl w
B =
My T
x4 F
-
3° mo
G-
o WX
< =
T o
ﬂmﬂ.ﬂ
Tx%F
X =

£
Moy
N oo N
Mo
e
» ER
nm ™~
e
275
A oo
S
o B
un o em
& B
% W 9
E,ﬂloi
R

o
T Uy
T W 8
FTE R
T T
M T T
RS
3.”.__1
& F D
-

_,oﬂo#a
Iww
iﬂi
P we
R
il
Ko nfp ©
ou ©
"o R

ol 4] o] % 8 3h4

<o

ok
o

o

Is(i,j) & F42% 3x3

EEHOE o]

(152)



FAEE 4F
Is(i—1,j—1) Is(i—1,j) Is(i—1,j+1)
IsG, j—1 IsG, ) Is(, j+1)
Is(i+1,j—1) Is(i+1,j) Is(i+1,i+1)
a1, oA A #Hedel 3X3 window
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Fig. 11. Matched left feature-points corresponding to disparity-values.
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