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Design of an Iterative Learning Robot Controller Using Parameter Estima-
tion

" OH OB -®E K &-F B OB — yLe
(Sang-Rok Oh - Dong-Hwan Hwang - Zeungnam Bien - Il-Hong Suh)

24% AN FE4E y.om sl Sl 4

Abstract- An iterative learning control method is presented for a class of linear periodic
systems, in which a parameter estimator of the system together with an inverse system
model is utilized to generate the control signal at each iteration. A convergence proof is
given and two numerical examples are illustrated to show the validities of the algorithm.
In particular, it is shown that the method is useful for the continuous path control of robot
manipulators.
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Table 1 Input Data for Simulation

Value Modelled
[Parameté True Value Value
mass of link 1 2 kg 1.8 kg
mass of link 2 2 kg 2.2 kg
B length 0.5 m 045 m
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Fig. 5 Joint Angle Trajectories by the Proposed
Learning Algorithm
(a) Joint Angle 1
(b) Joint Angle 2
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