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=Abstract=

A Study of Automatic Detection for the Lung Boundary using Lung

Apex Region Matching of Chest X —Ray Image

Sangjin Kim*, Yongman Kim*, Myoungho Lee*

This paper presents a new algorithm that extracted lung region in X—ray and enhanced
the region. With a lung region that was extracted by histogram threshold value, it was diffi-
cult to detect perfect lung boundary. Therefore we presented perfect lung boundary detec-
tion method using apex detection and apex region rgstoration. Also, by applying modified

equalization algorithm and presented function to inside of lung region, we want to give help

to automatic diagnosis in X —ray chest image.

Presented main line trace algorithm gave good result in detection of lung boundary. And,
as apex detection method using lung row and column gray level average value found more
correct place of lung than the method of prior algorithm, we succeeded perfect lung region

detection, Also, presented function that had lung region’s gray level distribution characteris-

tic was very effective to image enhancement.
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