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Abstract

Edge is one of the primitive features of an image and is widely used in image classification and

analysis.

New edge extraction methods using central moments are presented and show various

characteristics according to the order of moment, definition of both random variables and
probability density functions. The proposed methods use the integral of differences between local
mean and pixels in the window whereas most of conventional edge operators use only differential

concepts. This gives good noise immunity and extracts fine edges.
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