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Abstract

For the registration problem in which the matching of two images is made, a new algor-
ithm using an 1-D LPC model was proposed. The proposed algorithm employed LPC
coefficients as feature vector of an image. The similarity of two images was measured using an
LPC distance, proposed by Itakura, between each image’s feature vector. The comparision of
performance with normalized correlation method and template matching method was made
by a computer simulation with several real images. The results of simulation showed that the
proposed algorithm was more robust to image intensity variation and computationall efficient.
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