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On Nonlinear Adaptive Filtering and Maneuvering Target Tracking

FOE Mt f ORI

(Man Hyung Lee -

Jong Hwa Kim)

ABSTRACT

Most of moving targets are modelled as nonlinear dynamic equations. In recent years, the extended Kalman filter is frequently

used for estimating their behaviors. The conditional Gaussian filter is more suitable than extended Kalman filter in the filtering

problem of nonlinear systems,

But extended Kalman filter and conditional Gaussian filter often do not give optimal estimates and fail to track target

trajectories because of its properties. Therefore it is desirable to use adptive techniques to adapt target maneuvers,

In this paper, we will discuss adaptive filtering technique using innovation process based on extended Kalman filter in real

time, and suggest another maneuver estimation method using MRAS technique,
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