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Adaptive Control for Discrete Process with Time Varying Delay
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Abstract

A new algorithm based on the concept of prediction error minimization is suggested to es-

timate the time varying delay in discrete processes. In spite of the existence of the stochastic

noise, this algorithm can estimate time varying delay accurately. Computation time of this
algorithm is far less than that of the previous extended parameter methods. With the use of

this algorithm, generalized
tions.
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