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(An Extension of the Optimality of Exponential
Smoothing to Integrated Moving Average Process)

applied to the general

differencing orders.

various combinations of m and n,and the corresponding

were compared.
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Abstract
This paper is concerned with the optimality of exponential smoothing
IMA process with different moving average and
Numerical experiments were performed for IMA(m,n) process with
. forecast errors
to

Results show that the higher differencing order is more critical

the optimality of exponential smoothing,i.e., the IMA process with the

higher moving average order,forecasted by exponential smoothing ,

comparatively smaller forecast error.

has

If the difference between the d-

ifferencing order and the moving average order becomes larger,the acc-

uracy of forecast by exponential smoothing declines gradually.
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o2 IMA(1,2) IMA(1,3) IMA(1,4) IMA(2,1) IMA (2, 2)
1 1.20 1.75 6.78 3.16 1.00
2 1.38 2.18 5.71 2.23 1.00
3 1.85 3.13 8.35 2.53 1.00
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5 1.33 2.14 7.66 1.93 1.00
6 1.43 1.96 7.45 2.40 1.00
7 1.29 2.63 5.47 : 2.57 1.00
8 1.10 1.65 6.15 2.01 1.00
9 1.39 2.49 7.86 2.64 1.00
10 1.43 2.14 5.04 2.55 1.00
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3 1.85 2.89 18.21 2.53 1.60
4 1.15 1.88 16.71 2.36 1.22
5 1.33 2.78 13.83 1.93 1.56
6 1.43 3.03 15.74 2.40 1.87
7 1.29 2.117 19.45 2.517 1.50
8 1.10 2.18 12.68 2.00 1.26
9 1.39 2.62 16.15 2.64 1.60
10 1.43 1.83 23.15 . 2.55 1.20
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