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<3#1> Comparative Transfer Learning Models

Validation Test Training
Model Epoch .
Acc. Acc. Time

AlexNet[4] 20 98.89 97.37 3m 38s
googleNet[4] 20 99.37 97.83 9m 1ls
ResNet[4] 10 99.13 97.60 77m 28s
MobileNet 5 99.12 98.85 8m 59s
SqueezeNet 5 96.12 95.80 3m 12s
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