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Table. 1 Selected variables from each Process Data

Chemical | Heating | Pyrometer | Cooling
Valjizgie(;f 3 3 4 2
Var?;)t:?elrs 12
4. A7 2
A X203 R & 83}, logistic, ranger,

XGboost Al 7FA] EEleo] A%< HlwalglS A A
T Table2 ©F 9O, log-loss 7} #F< XGboost =
A el ekl ek,

Table. 2 Results of each Modes

Model |Accuracy |Precision |Specificity |Sensitivity Log-loss
Logistic 0.74 0.80 0.37 0.86 0.49
Ranger 0.79 0.85 0.41 0.81 0.48
Xgboost|  0.80 0.86 0.87 0.85 0.46
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Table. 3 Comparison of the statistical results of each models

Model |Accuracy |Precision  |Specificity |Sensitivity |Log-loss
before

SMOTE 0.80 0.86 0.87 0.85 0.46
after 086 | 0388 0.92 0.82 0.45
SMOTE ’ ’ : : :

Table. 4 Confusion Matrix of Model which applied SMOTE

Predict
after SMOTE Total
Positive Negative

Positive 36 3 39
Real

Negative 8 36 44
Total 44 39 83
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