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' ) . voting-1 voting-3 voting-10 voting-all
Lz Feature(duration) | \oc Top3 mAP  F1 | ACC Top3 mAP Fi | ACC Top3 mAP Fi | ACC Top3 mAP Fi
CEEFRrE
[5] C (60sec) 32.70 67.85 25.10 3223 | 4453 77.28 3830 43.20 | 60.38 87.43 57.35 58.03 | 7835 9498 8253 72.50
[6] C (60sec) 21.80 4960 13.33 20.80 | 27.45 5850 1948 26.15 | 35.23 67.18 28.95 33.28 | 5333 B85.00 63.90 4513
[7] S (355&(;) 3645 65.05 97.48 3645 | 4475 76.63 9515 4475 | 5455 83.68 90.6 5455 | 6335 90.00 8370 63.35
[3] S (905&(;) 448 70.6 51.3 42.1 48.5 73.2 56.8 45.2 49.2 78.6 68.6 43.7 60.4 77.2 76.8 52.1
CS fusion (Ours) | C, S - - - - - - - - - - - - 86.68 93.33 82.48 8945
FAE WAHS
[5] C (60sec) 28.07 6097 2053 2747 | 33.93 6837 32.17 33.20 | 41.30 76.80 4853 4040 | 51.10 8447 7547 4313
[6] C (60sec) 19.60 46.17 10.83 1840 | 23.30 53.00 1530 21.73 | 27.63 60.13 2277 2513 | 4000 7557 5550 29.23
M S (35sec) 35.8 68.5 9587 358 42.53 76.03 95.63 4253 | 49.87 827 9497 4987 | 6443 9557 9853 0443
(8] S (90sec) 22 47.1 27.8 17 224 49.8 32.8 16.5 22.3 51 45 14.3 23.9 50.7 61.3 11.5
CS fusion (Ours) | C, S - - - - - - - - - - - - | 7557 97.77 69.17 86.27
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Course Partition # Examples | Round Partition # Examples

4. ”H|mWAIE Course A 1,092 (35%) | Round 1 773 (25%)
' == Course B 822 (27%) | Round 2 770 (25%)
CAN-bus 94‘ /\U]—E =z A /\1 Eﬂ ] E1 = %L_Q_@_ £ Course C 1,175 (38%) | Round 3 773 (25%)
Round 4 773 (25%)

A 8 52 ke A8 1 (gl ) Toti 08

< E%%ﬂr Al A9S Agskgich [519) [7]S #
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5 \ =N H tﬂ
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