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CPU M2 Pro -12core
H/W GPU M2 Pro -19core
RAM 32GB
(O8] macOS 14.6.1
S/W Library (with python 3.11.9
version) autorag 0.2.12

<E 2> RAG Al =¥ 9
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. node . .
metric module optional settings
type
pass_query . .
. no optional settings
expansion
llama_index_llm,
query ) L.
Query openAl's gpt-4o-mini,
X decompose _
expansion temperature:0.071.0
llama_index_llm,
HyDE openAl's gpt-4o-mini,
max_token: 64
default tokenizer from
BM25 .
AutoRAG
Retrieval Retri VectorDB ogeTlAI S »
metric etriever : En}b(f ding_mode]
Hybrid RRF weight_range(3, 5)
o normalization_method;
Hybrid CC
mm, tmm, z, dbsf
pass_reranker no optional settings
Koreranker no optional settings
UPR no optional settings
Passage TART no optional settings
reranker api_key, batch: 64,
model:
Cohere .
rerank-multilingual-v
2.0
2 prompts were used
fstring to compare to each
Prompt other
Generation maker 2 prompts were used
. Long context
metric to compare to each
reorder
other
. . openAl's gpt-4o-mini,
Generator openai(LLM) ~
temperature: 0.1 ~ 1.0
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Retrieval Passage X
. with BM25 NDCG 0.514
metric reranker .
retriever mAP 0.393
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