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71 B3 344 (Texture synthesis), 3]HE Bl2A o]u] 2] (Rotated texture image),
kA (Orientation), CNN(Convolutional neural networks)
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I, Preliminaries
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lll, The Proposed Scheme

1. Preprocessing
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Fig. 1. The process of extracting null space regions
from a rotated texture,
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2. Texture Synthesis

2 1. Ardificial neural networks
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2.2 Texture synthesis
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Fig. 2. Our framework,
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I, Results
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Fig. 3. Comparing the results of our method with
previous method (scenel),
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Fig. 4, Comparing the results of our method with
previous method (scene2),
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Fig. 5. Comparing the results of our method with
previous method (scene3).
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Fig. 6. Comparing the results of our method with
previous method (scene4),
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Fig. 7. Comparing the results of our method with
previous method (scene5),
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Table 1. Performance comparison of our method with
previous method.

Processing time

Method (hight,width) (millisecond)

Our method — 8 rotation image
generation taken times (210,210)
Our method — the time taken to
run the CNN model (210,210)

Previous method [2] - the time
taken to run the CNN model | 21357.765625
(105,105)

152420.34375

40215.60546875

IV, Conclusions
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