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Fig. 1. Proposed Method Architecture
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1, Dataset
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Table 1. Dataset
Train Valid Test
01-10 240 30 30
11-20 240 30 30
21-30 240 30 30
31-40 240 30 30
41-50 240 30 30
51-60 240 30 30
61-70 240 30 30
71-80 240 30 30
81+ 240 30 30
2. Experiment Result
U2 o A7 o sjolrinlE 2dome Hu

Epoch 20052 4891310, 345 S HBH Loss7} 53]

344



SR FEIEESS| SAStEUs| == H32R 15 (2024, 1)

Vision Transformer
Confusion Matrix

Swin Transformer
Confusion Matrix

Neighborhood Attention Transformer

Contusion Vot Confusion Wt

Confusion Matrix

|

Robust Performance

» Weakness Performance

Fig. 2. ViT Base Models’ Confusion Matrix Result
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Table 2. ViT Base Models’ Test Result

Accuracy Precision Recall F1-Score
ViT 0.6519 0.6548 0.6519 0.6519
ST 0.5370 0.5221 0.5370 0.5215
NAT 0.5370 0.5513 0.5370 0.5259
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IV, Conclusions & Future Work
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