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FI¢=: YA 71 (fall detection), TF2H= %4 (multi—angle approach), %2 3¢5 (ensemble learning)
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II. Methods
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Table 1. Model Performance Evaluation (Units: ACC).

Model FNF Score FD Score
Sensor Model 0.985 0.922
Vision Model 0.979 0.833
Voting Ensemble Model 0.985 0.887

IV. Conclusions
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