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I, Preliminaries

1. Malware Visualization
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2. Malware Data Augmentation
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lll, The Proposed Scheme
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Fig. 1. Malware Image
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Table 1. Evaluation Metrics
Validation Test
Accuracy 0.9998 1.0000
Precision 1.0000 1.0000
Recall 0.9996 1.0000
F1 score 0.9998 1.0000
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IV. Conclusions
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