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I, Preliminaries

EWAT wdls 2431 I o= B3 HT ol Lee
et al. [2] 2 Eziyzro] QTGRS A183A dIE-S S3¥slich
ol 1208 53t FE I Hlo[EE nidog 30k $of AT
G| ool it Ao Blg 24} (MAPE) 16.829] A5 Bck
Sergazinov et al. [31= Edlx3Erie] Ql5tie} U=cts B AM83}
of 7)ol W= Y o2 mElS st o= Tfe) wEd
Rdz A2 gl gt oj&g 7w AnlskE A9 Bl
ofgt} weh 2 ol Ednyn mele] olmve} tars
S5 ARE3le Bl 7] B mdo] opd A #4| HlelEE

B 5 9w RSk Sk o B9 WY ol A5E

Folan, mdle] ksl 7hsde ke AS HaE itk



=iz =2% H323 M15 (2024, 1)

lll, The Proposed Scheme
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Fig. 1. Input Data Preprocessing Process
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Fig. 2. Architecture of Transformer Model Based on
Time Series Forecasting
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Table 1. Forecasting result

Model MAPE RMSE
Transformer (Encoder & Decoder) 2.77 5.59
Transformer (Encoder) 11.75 23.22
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IV. Conclusions
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