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ll, Experiments

1. Data

1.1 Data Collection
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1.2 Data Preprocessing
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2. Feature Selection
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3. Method
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3.2 Classification Model
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lll. Results
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Table 1. Prediction Results
g IR % A=
) RMSE 9.46
Regression
MAPE 4.4%
Classification H&e F1-Score | 0.75

IV, Conclusions
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