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Fl9E: oM F(Malignant Pleural Effusion), %42} @& 29 (Positron Emission Tomography),
AZ-F4 A7 (Convolution Neural Network)
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” Prellmlnarles Table 1. XA PETS o|&%t && Z3 (mean£SD)
Model Accuracy AUC Sensitivitiy  Specificity
1. Related works CNN  0.741+0.115 0.618+0.158 0.786+0.295 0.771+0.112
=s1 ResNet10 0.817+0.077 0.761+0.033 0.837+0.171 0.818+0.082
1.1 iLHQ" 3 ResNet50 0.817+0.092 0.756+0.047 0.910+0.124 0.805+0.101
ﬂgoﬂ;\i oFt ]_%% %]oé oﬂ)g-oe opg F4= "‘]HZ%PE‘ OEL_TLE] ResNet101 0.863+0.084 0.735+0.081 0.887+0.104 0.859+0.087
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2.1 Convolution Neural Netowrk (CNN)

AEFH A8 (Convolutlon Neural Network) 2 o]r]z]¢]
B3k SHeg B9 50k Held WENR TEol B 7

A AR T AR AlE 270, Hoigk 2% (max pooling)
A, TEFA AE 20, Hdigk E9 olo], ¢ dA (fully
connected) AlEC 2 A5

2.2 ResNet
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2.3 DenseNet

DenseNet-2 7z} AlZ2] £ W (feature map)= 3d AlEe
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DenseNet 0.789+0.094 0.735+0.048 0.560+0.518 0.776+0.093

Table 2. 8% €< PETZ 0| &%+ &&Z 1t (mean+SD)
Model Accuracy AUC Sensitivitiy  Specificity
CNN 0.750+0.092 0.559+0.055 0.680+0.217 0.763+0.088

ResNet10 0.757+0.084 0.628+0.153 0.507+0.285 0.810+0.138
ResNet50 0.7004+0.090 0.512+0.049 0.100+0.224 0.704+0.091
ResNet101 0.765+0.094 0.583+0.043 0.683+0.410 0.762+0.091
DenseNet 0.738+0.080 0.615+0.062 0.514+0.501 0.740+0.077
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