A olgel AL, A4 F/ UE At 2ol 7

ACK 2023 st ELH3| =F%! (303 23)

CCTV 3749 Object Detection & 93+ 83 <l
o] dA ek aF

A5He, A2 ol
LT eha o)A 588 A Akay
2o gl Ata A AT4
v AFA TS e ws

oz
d

hwayong.jk, smlee5697 @gmail.com

Efficient Data Design Approaches for Object Detection in
CCTV

Hwa-Yong Jeong?, Jeong-Hyun Choi?, Sang-Min Lee?
!Dept. of Artificial Intelligence Applications, Kwangwoon University
2Dept. of New Innovation R&D Division, INNODEP INC.
3Dept. of Artificial Intelligence Applications, Kwangwoon University

e of

F < computer vision 7]& o] Jh&stE 3 gloyy, B 4kgle]l Ag- Ay A& o#$F do
H4 5407 Qlste] 7 HHe] £2E weprbA Rata vk 53], CCTV & i 29 274
of +@uo] v e Wt d oy if 544 wol=rt BY] wiEel dHelE AFxETE AA
7ol #A A&l olfFo] Atk 7 =EAA = CCTV HolE 9 545 ielste] CCTV & 3
ol 7Fzs A (object detector) 7S 3 ulolE] A WiekS A ek, Aok 7HEE &
2kl CCTV 03“01]/\1 A GA ] G20 MEH S FEdhe Wy A9 CCTV dolE dolH
9] MS coco T 2 HolE HelHE ey st dwtst des wolvs WS Alte

E3l At 7] S dFE o, 53] mAP 7] 1339%°] 4T S

Dataset - Carnegie Mellon University[2]

& AUsE uSAY A TAUA

CCTV ¥4 #& 7%l o3k 4071 F7s Frpep  Led W T

a 9th Ty 7]E 2o computer vision 71&Eo]  EX, HIEN S o] gFet o s sHHe

ATtE Wk A CCTV A o] Ager Ap=  BOjAM, gFd Az 2 AR @A me CCTv

MARE T AAE A= 03] Ajolde] wx D FE AXE wig A o3 HolH= g

, dlolH A jﬂoi 3 7)E AFE = T AT TET LSt Aes BASA Kok
4 Mo}ﬂoﬂ we olegol EAerhl. ol AT
- ' olef gt eAHE I3t CCTV dHolH 54%

aejste] st RdS agHoR IHT F e W
g mAstuAh vk B =i A4 €A g
Fol &4 2o ¥E" 7193 doly &3
HE Agrste] CCTV #70] A3 AATAE 9%
dlol8 A ks A g}

- 615 -

(29 1) CADP(Car Accident Detection and Prediction)
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(29 4) Sampling Cases test results(mAP)
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<3 2> Sampling Cases test results(class)
ﬁ Ffa F{rta Fm SIEhE] Case | Person | Bicycle Car '\:;ctlcz: r Bus Truck
‘”J . Fri Fm S SCael | 0548 | 0166 | 0.663 | 0312 | 0616 | 0.385
(“ “”"’ Extra Data SCa2 0.568 0.170 0.691 0.484 0.634 0.431
SCa3 0.558 0.166 0.642 0.414 0.630 0.432
section section SCat 0.565 0.153 0.655 0.374 0.60 0.403
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.1‘“/‘ 3) Samplmg Case 2 <A

- S-Casel: Default Data

- S-Case2: Default Data + 1 additional frame from each section
- S-Case3: Default Data + 2 additional frames from each section
- S-Case4: Default Data + 5 additional frames from each section
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- F-Casel: Default Data_only

- F-Case2: Default Data + MS COCO

- F-Case3: Default Data + BDD100K

- F-Case4: Default Data + MS COCO + BDD100K
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(13 5) Sampling Cases test results visualize
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(19 6) Fusion Cases test results(mAP)
<3 3> Fusion Cases test results(class)
. Motor
Case Person | Bicycle Car Bus Truck
cycle
FCal 0.548 0.166 0.663 0.312 0.616 0.385
FCax2 0.558 0.209 0.682 0.506 0.596 0.459
FCax3 0.540 0.210 0.684 0.414 0.597 0.439
FCasA 0.575 0.180 0.711 0.473 0.654 0.440

(¥ 7) Fusion Cases test results visualize
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