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3. 249 A4 A (Model Architecture):

o] oAM= CNN  (Convolutional — Neural
Network) E®E& AR&stivh. &4 tlolg el #2
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249 34 (Model Training):

29e Adam HA 3t daugFS AbEste] And
HAdow i Fole= x7] FE(Early Stopping)
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training_history = train_model(X_train, _train,
X_val, epochs=100, batch_size=32,
callbacks=[early_stopping])

y_val,

Training and Validation Loss

5. 2d 7} (Model Evaluation):
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6. 2& (Conclusion)
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