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Fig. 2. Results of OFFSEG Based on Max-Iteration

max_iter = 20 max_iter = 15

Elapsed Time

3000
mmm Before

m After

2500

2000

1500

1000

500

o

el gt
pcies® = o ocf

s .

oS O ot
et _¢\as’ s

oo’ e

Fig. 3. Comparison of Latency Before & After Lightweight
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