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OPENIE 0.081 0.982 0.956

ALGORITHM 1: SYMBOLIC REASONER

Input: sentence, Seq2Seq Model
Output: Ontology triplets
1 logic sentence <- Seq2Seg2(sentence)

2 logic symbols index <- find_logic_symbol(logic_sentence)
3 for word in logic sentence do //find head, relation, tail in logic
sentence

4 if (word.index < logic symbols index [“:="]) then

5 head «— word

6 else if ((word.index < logic symbols index [“E” or “A”[) and
(word.index > logic symbols index [“:="] then

7 if word = be verb then

8 append ‘be’to relation set

9 else then

10 append word to relation set

11 End

12 else then

13 append word to tail set

14  End

15 combine head with relations and tails in each set
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