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Validation Accuracy F1 Score
Set RF XGB RF XGB
1 0.8971 0.8935 0.8973 0.8935
2 0.8953 0.8913 0.8958 0.8913
3 0.8961 0.8929 0.8961 0.8929
4 0.8971 0.8943 0.8973 0.8943
5 0.8961 0.8931 0.8961 0.8931
Average 0.8963 0.8930 0.8965 0.8930
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