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ABSTRACT

Recently, big data analysis can use various techniques according to the development of machine
learning. Big data collected in reality lacks an automated refining technique for the same or similar terms
based on semantic analysis of the relationship between words. Big data is usually in the form of
sentences, and morphological analysis or understanding of the sentences is required. Accordingly, NLP, a
technique for analyzing natural language, can understand the relationship of words and sentences. In this
paper, we study the advantages and disadvantages of Transformers and Reformers, which are techniques
that complement the disadvantages of RNN, which is a time series approach to big data.
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