Implementation of real-time water level prediction system using

LSTM-GRU model
Minwoo Cho™ - HanGyeol Jeong - Bumjin Park - Haran Im - Ine Lim - Heokyung Jung

Paichai University
E-mail : kcjmw1208@kakao.com / whd6023@naver.com / pbj0101@naver.com /

xialan@mcea.co.kr / ine@mcea.co.kr / hkjung@pcu.ac.kr

2 <

ol 71& = QIgt AtA sl A|&A g Frista glon, AtAX| F 7MY W HoliE Usle
w2 52, HE 522 AU 2o msfz ol2ist Alsle 45 sHste 0% 2 mElE Usl7l=
ot metA, &4 Hsllg £017] sl & =wolX+ LSTMa} GRUE Z&sto] AAtez 249
29 mfulEQl 295 AATeR &S 2 e AAHS Aoksith &4 AE5S fs AMEH U
Hol8l= st AR/ H otf 29, 712, &%, ool ARREY, ANl st5H LSTM-GRU 235
ol AAIZE o &S AIsisict A= dlojE+ A 20A7t] HlolHE &H&sto] TS 3A17te] 29 E
o5ttt 2 =FolA Aeket AlARS Fol A= W 7]5S Fkstl E40 =&Y AR
o 38s WE & Jdod 42 Qe B2 msis ¢ & UL Aoz Atgdth

ABSTRACT

Natural disasters caused by abnormal climates are continuously increasing, and the types of natural disasters that
cause the most damage are flood damage caused by heavy rains and typhoons. Therefore, in order to reduce flood
damage, this paper proposes a system that can predict the water level, a major parameter of flood, in real time using
LSTM and GRU. The input data used for flood prediction are upstream and downstream water levels, temperature,
humidity, and precipitation, and real-time prediction is performed through the pre-trained LSTM-GRU model. The input
data uses data from the past 20 hours to predict the water level for the next 3 hours. Through the system proposed in
this paper, if the risk determination function can be added and an evacuation order can be issued to the people
exposed to the flood, it is thought that a lot of damage caused by the flood can be reduced.
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2 1. Construction diagram of water
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I 1. Training and validation results
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