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ABSTRACT

Understanding research trends is necessary to select research topics and explore related works. Most researchers
search representative keywords of interesting domains or technologies to understand research trends. However some
conferences in artificial intelligence or data mining fields recently publish hundreds to thousands of papers for each
year. It makes difficult for researchers to understand research trend of interesting domains. In our paper, we propose an
automatic technology keyphrase extraction method to support researcher to understand research trend for each
conference or journal. Keyphrase extraction that extracts important terms or phrases from a text, is a fundamental
technology for a natural language processing such as summarization or searching, etc. Previous keyphrase extraction
technologies based on pretrained language model extract keyphrases from long texts so performances are degraded in
short texts like titles of papers. In this paper, we propose a techonolgy keyphrase extraction model that is robust in
short text and considers the importance of the word.
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