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ABSTRACT

Malignant glioma has a poor prognosis with the reported median survival of between 6 months to 14 months. Thus,
it is crucial to predict the accurate survival of patients with malignant glioma. In this paper, we propose a convolutional
neural network to predict the overall survival and age of the patients. A total of four MRI modalities, T1, T1-contrast
enhanced, T2, and fluid-attenuated inversion recovery, which effectively capture spatial characteristics of malignant
glioma, were used as input images. Age is an important factor impacting the overall survival, thus incorporating it into
the model will thereby improve the performance of the proposed model. Our model successfully predicted overall
survival and age of the patients with pearson correlation coefficients of 0.1748 and 0.3056, respectively.
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